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Friend Recommendation Algorithm Based on PH-Tree Multi-attribute Index Tree
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(School of Computer and Information Engineering, Hubei University, Wuhan 430062, China)

Abstract Nowadays, more and more people make new friends on online social networks (OSN), and it becomes an im-
portant feature for OSN to recommend friends for users rapidly and exactly. An online friend recommended algorithm
was proposed using a sorted index tree based on local network structure. Multi-attribute intersection values between dif-
ferent users were converted into binary vectors and organized in PH-Tree. Thus a user’s best friend recommended set

can be determined by travelling the index tree easily. The experiments show that our method performs efficiently and

precisely.
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