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Summary and Prospect on Entity Resolution
ZHU Can CAQ Jian
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Shanghai Jiao Tong University, Shanghai 200240, China)
Abstract Entity Resolution(ER) is a key step in data cleaning, data integration,data mining and the insurance of data

quality. This paper listed and explained some classic algorithms in the development of entity resolution, including pair-
wise entity resolution, collective entity resolution, entity resolution on big data,and entity resolution on complex data et
al. We also introduced the characteristics and limitation of these algorithms and shared some state-of-the-art algorithms

derived from new application environment according to different requirements. Finally, the research hotspots and the de-

velopment direction of this field were discussed.
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