¥a2%k BoW 2 NI Vol. 42 No. 2
201542 A Computer Science Feb 2015
EFyitthaRenEsamERENBEGRERE X

SKkEE' FERIE MK
(AT IRBRA¥EFERETRZER FFH 125105
(AT IERBRARRFFREER HFAH 125105)°

B OE ATRHEGLEGREFEHR BLSMENRELCEBRER TSI BET -HHGASRE
HEBEEFE, Bk, A HSVERES G FHGEARE AAXAORERS O BT ERREBRGRESIE;
RERIKAEHAKHEOFHRAMBREFT S AASRES ARERFREFEIBERINE  RERBEGE
Bestam BT Efe S, FRERAN IRAZNELEPE LR A CHENARRRS,

X8| HSVAR,FEREGSE,5HE, TRE
h@EES#EES TP391 MEARIAED A DOI 10. 11896/j. issn. 1002-137X. 2015. 2. 066

Image Retrieval Algorithm Based on Improved Color Coherence Vectors and Contribution to Clustering

ZHANG Yong-ku' LI Yun-feng’
(College of Electronic and Information Engineering, Liaoning Technical University, Huludao 125105, China)!

SUN Jing-guang’
(Institute of Graduate, Liaoning Technical University, Huludao 125105, China)?

Abstract In order to improve the speed and accuracy of image retrieval, the drawbacks of image retrieval based on a va-
riety of clustering algorithms were analyzed,and a new partition clustering method for image retrieval was presented in
this paper. First, based on the asymmetrical quantization of the color in HSV model, color coherence vectors are intro-
duced as the color feature. Secondly, qualified feature vectors are found as the initial cluster centers, and it clusteres
based on the dispersion and the contribution, establishes image feature index library. Finally, it obtains the retrieval and

reordered results by the similarity with the retrieval image. By comparing with other algorithms, it is demonstrated that

the percentage of precision and recall of proposed algorithm are improved greatly.
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