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Abstract

Tags are served as an effective way for information classification and information retrieval at the age of

Web2. 0. Tag recommendation systems aim to provide personalized recommendation for users by using tag data. The exi-

sting tag-based recommendation methods tend to assign the popular tags and their corresponding items more larger

weight in predicting users’ interest on the items,resulting in weight deviations,reducing the novelty of the results and

being unable to fully reflect users’ personalized interest. In order to solve the problems above,the concept of tag entro-

py was defined to measure the uncertainty of tags,and the collaborative filtering personalized recommendation algorithm

based on tags entropy feature representation was proposed. This method solves the problem of weight deviation by in-

troducing tag entropy,and then the tripartite graphs are used to describe the relationship among users,tags and items.

The representation of users and items is constructed based on tag entropy feature representation,and the similarity of

items is calculated by the feature similarity measure method. Finally, the user preferences for items are predicted by the

linear combination of tags behaviors and similarity of items,and then the recommended list is generated according to the

rank of preferences. The experimental results on Last. fm show that the proposed algorithm can improve recommenda-

tion accuracy and novelty,and satisfy the requirement for users.
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Input:Delicious tag data set

Define TData= Delicious tag data set
. for user,tag,item in TData do
. if tag not in TData

Pop[ tag =1
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4. else
5 Pop[tag |+ =1
6. end
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.end
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1. Data set dimensionality reduction:
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3. Get Fy according to Formula 6
4. fori€[1,X] do

for j€[1,Y] do

6. for1€[1,7Z] do

7 Fuw +=Fy, X F,

131

8. end
9 end
10. end

11. Build Matrix Fy .
12. fori€1,Y] do
13. forj€[1.,Y] do

14. compute sim(w;,w;)—>Formula 14
15.  end
16. end

17. Build Matrix Simyy
18. for i€ [1,X] do

19. for kE[1.Y] do
20. forj€[1,Y] do

21. compute P_rate(u,w;)—>Formula 16
22. end

23. end

24. end

25. Sort P_rate by reverse sorting
26. Build Top-N Recommended Collections
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