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Abstract In this work, a bipolar preferences dominance based antenna arrays optimization (AAQ) method was pro-
posed to enhance the selection pressure of the multi-objective evolutionary algorithms (MOEAs) on the AAO problems
with more than four objectives. Considering the positive preference and negative preference of the decision-makers in
real-world problems, the TOPSIS method is employed to compare solutions, construct a more rigid non-domination rela-
tionship and induce the population to move towards the position with higher directional radiation pattern and lower null
value, Besides,a HSDC method is applied to analyze the experimental results. In the experimental analysis, the proposed

method was compared with four state-of-the-arts multi-objective optimization algorithms. The comparison results show

the higher accuracy and operating efficiency of the proposed method.
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