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Abstract This paper presented a new recommendation algorithm which takes into account the average preference
weight. The algorithm is divided into three stages:neighborhood computing,data set partitioning and preference predic-
tion. In the neighborhood calculation,the KNN based on the Euclidean distance is used to determine the neighborhood.
At the same time, the data set is divided into the data set and the non-popular data set according to the popularity
threshold of the data set itself. When the score is predicted,the existing neighborhood selects part of the project accor-
ding to the popularity degree,and predicts the user’s average preference weight based on the preference similarity of the
item set. The results show that on the Movielens 100K data set,the new algorithm is superior to the typical cosine rec-

ommendation algorithm,the person recommendation algorithm., the collaborative filtering algorithm based on the project

preference coordination filtering algorithm and the user attribute weighted active neighbor existing algorithms in MAE.
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