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Label Propagation Algorithm Based on Community Core for Community Detection
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Abstract Community detection in networks is a hot research topic currently. Among many community detection algo-
rithms, label propagation algorithm is widely used for it is simple and rapid. But label propagation algorithm also has the
problem of poor stability result. Therefore, we improved the initialization process of label propagation algorithm. We
proposed a label propagation algorithm based on community core for community detection, and by calculating any two
nodes’s k order common neighbor, we used the most sililar nodes and it’s & order neighbor nodes as the initial commu-
nity core. According the above process, we got some tight structure as the initial label of label propagation,and assigned

the initial community label to these structures. Experimental results in a real network show that the algorithm can im-
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prove the stability of the results.
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