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Application of Spark in Human Genome

DING Dong-hang WU Dong-yvue YU Fu-hi
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Abstract The human genome as a kind of the high-value and the precious big data is badly in need for efficient and ac-
curate analysis, In view of the high-latency fatal weakness of the traditional cloud framework Hadoop. the cloud plat-

form Spark emerges in response to the needs of times, The human genome data system based on Spark will make great

contributions to the early detection or treatment of the disease and birth defects,
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