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Hadoop-based PPublic Security Video Big Data Processing Method
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Abstract Public security video surveillance technology has been developed from the integration phase of the network to
the depth of the video application. Facing the continuous flow of public security video data, to study new big data pro-
cessing means i1s necessary, According to the demand of public security video data. this paper adopted Hadoop technolo-
gy based video data processing platform. and used face retrieval and recognition algorithm based on Map-Reduce, to real-

ize the intelligent information processing of the public security video data to achieve the purpose of the application of the

public security big data,
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