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Method of Traffic Anomaly Detection with Incomplete Data
WANG Yuling REN Yonggong

( School of Computer and Information Technology, Liaoning Normal University, Dalian 116029, China}

Abstract Development of urbanization process has brought serious traffic problems.and traffic anomaly detection be-
comes one of hot spots in the field of data mining., The traditional traffic management mainly uses video monitoring
which has a limited efficiency for handling traffic problems. A method of traffic anomaly detection with incomplete data
( Traffic Anomaly Detection, TAD) was proposed in this paper, Firstly, the correlation clustering obtains vehicle density
information from mobile phone data and reduces the computation costs of processing incomplete data, Secondly, an adap-
tive parameter-free detection algorithm is designed to capture the distributed dynamic anomalies with phone call volume
change rate on the roads.,sclving the uncertainty problem of road condition. Finally . anomaly trajectory algorithm i1s de-
vised to retrieve anomaly distribution route and forecast influence scope,improving the efficiency of anomaly detection.

Experimental results show that TAD methods can effectively detect abnormal traffic in different experimental conditions
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and cur algorithm is better in efficiency and scalability compared with existing algorithms,

Keywords Anomaly detection, Incomplete data, Mobile phone data, Anomaly trajectory
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