it B oMM %

Computer Science

B3 B %%qm

2016 F 6 June 2016

— i O D i R T L

B O(D 3k i
(BERRFAEBLFER EEK 4100044)?

H &
(BERRFUHENFER FEEX 400044

M E DRAIREFEISERTEASHEFAKIEARAYMNESFRARZ— MEWHELEETFEEZEREN
XEERZRAFPAUKEEERE HUEGKHEAUEEEFZSEFTRERTEINUENEFRENZR FARPL
BlEIEE T HBEEEAEUETEN—TEEER AMSE—WEMNBUEEERZ EXNATFRBRAY
FEHRRTROEFRETEMEDE ST FLRNHEMNERLE RETHASEFNSEPHNEMBELEREERNF
ZEEERN G E EITHEERERXHFENMERYE BB EFXLENARBERNBEER T ETRAE
im RERRHEFRE

x| MEER EFRE XERTSM SWENE BFE S

FEZETES Tpin MR A

Improved Collaborative Filtering Recommendation Algorithm
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Abstract The collaborative filtering recommendation algorithm is one of the most important recommendation technolo-
gies in E-commerce recommendation system, and the similarity measuring method plays a key role for the accuracy of
recommendation results, However, the traditional sinularity measure methods ignore the influence on recommendation
quality resulting from the number of the common grading items between users, Given this situation,a novel approach
was firstly proposed based on the number of the common grading items when measuring the similarity between users.
Further more.to protect recommendation result from the data sparsity,the structural similarity measure method of com-
plex network was employed to evaluate the similarity between users, The experimental results show that the proposed
approaches can avoid the disadvantages of traditional methods effectively and improve the quality of the recommenda-
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