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Recognition Algorithm of Outlier and Boundary Points Based on Relative Density

LI Guang-xing

(Chengdu Agricultural College, Chengdu 611130, China}
Abstract  According to the fact that ocutlier points are the data that are inconsistent with most of data in a data set,and
that boundary points are located on the edge of data area with different densities,an algorithm based on relative density
was proposed to determine the outlier and boundary points, Through dividing the neighborhood area, which is centered
by this point with a radius of r.into twoe semrneighborhood areas.and determining this data peint’s isclation level and
boundary level based on the relative density of these semi-neighborhood areas with the original neighborhood area,a fi-
nal judgment whether a data point is boundary or outlier point can be made according to the threshold value, Experimern-

tal results indicate that this algorithm can effectively and accurately identify the cutlier and boundary peints from multr

density data sets,
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