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Scene Classification Method Based on the Feature Fusion of Regional Semantic Sub-concept Occurrence

WANG Ling-jiang RUAN Jia-bin YANG Yu-bin
(State Key Laboratory for Novel Software and Technology, Nanjing Univ. , Nanjing 210093, China)

Abstract A large quantity of practical demand has made image retrieval a research focus. We proposed a scene classifi-

cation method based on the fusion of concept occurrence vectors, which are gained by segmenting images uniformly and

recognizing corresponding regional sub concepts. Experiments show that our method increases the P/R values of scene

classification, bringing a better result.
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