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Abstract The classical Particle Swarm Optimization (PSQO) neglects the difference among particles while updating a
particle’s velocity in a generation. To cope with this issue, a novel Distance-based Adaptive Fuzzy Particle Swarm Opti-
mization (DAFPSQ) was proposed in this paper. The DAFPSO designed membership functions to tune the basic para-
meters used in updating a particle’s velocity according to the distance between the current particle and the global best

particle. Several classical benchmark functions were used to evaluate the (DAFPSO, The experiments demonstrate the

efficiency and effectiveness of the proposed DAFPSQ.
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