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Routing Optimization Algorithm of Wireless Sensor Network Based on Improved SVM
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Abstract In order to solve defects of large energy consumption in the current wireless sensor network routing algo-
rithms,a novel wireless sensor network routing algorithm based on improved SVM(PSO-LSSVM) was designed. First-
ly,a mathematical model of the routing energy consumption for wireless sensor network is established. Secondly, the re-
sidual energy of nodes of the combination model is used to perform on-line estimation. The route with minimum energy
consumption is selected for data transfer. At last, the performance of this algorithm is tested on Matlab platform. The

results show that the proposed algorithm can improve the reliability of data transmission and reduce the average delay of

data transmission,and the over all performance is better than other wireless sensor network routing algorithms.
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