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Software Defect Prediction Based on Improved Deep Forest Algorithm

XUE Can-guan YAN Xue-feng

(College of Computer Science and Technology.Nanjing University of Aeronautics and Astronautics, Nanjing 210016, China)
Abstract Software defect prediction is an important way to rationally use software testing resources and improve soft-
ware performance. In order to solve the problem that the shallow machine learning algorithm cannot deeply mine the
characteristics of software data,an improved deep forest algorithm named deep stacking forest (DSF) was proposed.
This algorithm firstly adopts the random sampling method to transform the original features to enhance its feature ex-
pression ability,and then uses the stacking structure to perform layer-by-layer representation learning for the transform
features. The deep stacking forest was applied for the defect prediction of Eclipse dataset. The experimental results

show that the algorithm has significant improvement in the predicting performance and time efficiency than the deep

forest.
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Fig. 3 Overall structure of deep stacking forest
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