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Abstract The uncertainty of information can’t be efficiently reduced by traditional neighborhood rough set with single
threshold. By considering the existing or predicted category label information of the object, this paper introduced two
kinds of thresholds,namely,intra-class and inter-class,and proposed a novel neighborhood granulation methods to con-
struct a rough set model based on supervised neighborhood. This model is the generalized form of conventional neigh-
borhood rough set. Moreover, the theorem of monotonic variation with approximate quality and conditional entropy was
presented through analyzing the change rules of neighborhood particlesunder double thresholds. Finally,the performance

of the model was demonstrated on four data sets of UCIL The results show that the effect of neighborhood granulation

can be improved and the uncertainty of information can be reduced by adjusting supervised threshold parameters.
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