38 £
2011 4 3

w

1 R B R %

Computer Science

Vol. 38 No. 3
Mar 2011

an

R AR A BB AR 3R

T B & & SR
(R RETIRAFWTENMZSHARER % /RE 150001

B E BEMHALRBRAZZA L TH AT AR Lo P24 RGNS AMERBHR, I £
BHAEREFIBNZNGED ., BA—FENBFIFIALBRLRGFT ik, ERHEALRRRCERAREG D
HAFIFAMBENEN YT ETFRZ —~ 2R TEAASF L 2HE. BANETEREANBRE S U THEER
HARAERBERBEGH AR BT EMFRERRRSEIE 2RI Y R, RERBEERBAERERY
ARBERERNGH 3£, 48— £ T AR VNERELALRER #AHBETATEMHERERRARALEY
—BRR, RERTELENGERHALRRANE—FTERERET aC A,

KEIA BEMHER AERRELES MBS, DHEAEIT M

h@EZS%EE TPIS SCEERIARD A

Research on Virtual Sample Generation Technology

YU Xu YANG Jing XIE Zhi-qiang
(Institute of Computer Science and Technology, Harbin Engineering University, Harbin 150001, China)

Abstract Virtual sample generation technology mainly makes research on how to combine the priori knowledge of a do-
main with the existing training samples to create additional training samples, enlarging the training dataset,and impro-
ving the generalization ability of learning machine. As a method of bringing priori knowledge to machine learning, virtual
sample generation technology has become a primary means to improve the generalization ability on small sample learning
problem, and has been studied widely by scholars home and abroad. In this paper, firstly the concept of virtual sample
was introduced, two indexes of evaluating the capability of virtual sample generation technology were given,and the in-
fluence of virtual sample generation technology on the generalization ability of learning machine was discussed. Then the
current virtual sample generation technologies were divided into 3 classes by their essence, and for each class several
typical virtual sample generation technologies were discussed. Moreover the deficiencies of the current virtual sample
generation technology were pointed out. Finally, made a summary and proposed our own viewpoint on the further devel-
opment of virtual sample generation technology.
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