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Abstract With the development of information technology.big data has generated great value in various fields. Huge
data storage and rapid analysis have become new challenges. The traditional relational database is difficult to meet the
needs of big data storage and analysis because of its shortcomings in terms of performance, scalability and high cost.
Spark SQL is a data analysis tool based on Spark,which is a big data processing framework. Spark SQL currently sup-
ports the TPC-DS benchmark and has become an alternative solution to the traditional data warehouse under the back-
ground of big data. Full-text search,as a kind of effective method of text search,can be used in combination with general
query operation to provide richer queries and analysis operations. Spark SQL doesn’t support full-text search now. In
order to meet the needs of traditional business migration and existing business, this paper proposed a Spark SQL dis-
tributed text retrieval framework,covering the design and implementation of 4 modules including SQL grammar, SQL
translation framework, full-text search parallelism and search optimization. The results of experiment show that,under
the two search optimization strategies,index construction time and query time of this framework are reduced to 0. 6%/
0.5% and 1%/10% respectively compared with the traditional database,and index storage volume is reduced to 55.0%.
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