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Research Envelopment on Human Group Activities Analysis
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Abstract Human group activities analysis has become a new research interest of computer vision, It has broad applica-
tion prospects and great economic value in many aspects, such as intelligent video surveillance, virtual reality, video re-
trieval and so on, This paper made a survey on the human group activities analysis from group databases and analysis al-
gorithms, Firstly, the group databases mainly consist of behavior databases and surveillance databases. This paper sum-
marized the typical databases of these two classes. Secondly, we sumed up the human group activities analysis algo-
rithms from decomposition methods and recognition methods of group activities, The decomposition methods were di-
vided into three kinds and their strengths and weaknesses were pointed out, separately. The recognition algorithms of
group activities were divided into statistical approaches and description-based ones. We compared them in detail and
pointed out the development tendency. At last, we summarized the potential problems of human group activities analysis
and looked forward to its future.
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