F39E HH

R R ¥
20124E 8

Computer Science Aug 2012

— b = 0 B 0 2% vp AR 2 1) N A B 3 B T 0k

PR PR O®
(B EAF B MFR BIK 210003)
B E ALEETURBSEHEREOARMEELEF MBI EZE, ARRENEREY TRENMERESOHE,
RAPARGFLEEAGEAATL, METHTRLLHM AN MBS R, wTRER P LAY TLBRE LA P
P AR MAT R, CRABERZAATANHAE. AAP-HFENLEZH-EARMSLEM T, L40KEEAHE
Fa Bl P AR A E B L T — A A A ARS M ARG FRBFE T . FREREAN, A AAFER R eied ik
H AR B F IS B AR,
REIR MR AL L, i R, 285 W%
mEZESEE TP391 XERIAE A

One Tag Time-weighted Recommend Approach on Tripartite Graphs Networks
GU Yi-ran CHEN Min

(College of Automation,Nanjing University of Posts and Telecommunications, Nanjing 210003, China)

Abstract Social tags can provide highly abstract information about not only item contents but also personalized prefe-
rences, hence using labels could improve the accuracy of personalized recommendation. As a result of user preferences
changes over time, network resources also will be increased as time goes by. How to recommend the network resources
in which users have immediate interest based on the user preferences changes becomes a new research problems in the
recommendation system, Combined with using tag frequency and label time on user-object-tag tripartite graphs, we pro-

posed a recommendation algorithm based on tag time-weighted network. Experimental results demonstrate that the usage
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of tag time-weighted can significantly improve accuracy and diversification of recommendations.

Keywords Personalized recommendation, Social tagging networks, Time-weighted, Tripartite graphs
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