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Abstract The theory three-way decisions is one of effective approaches to solve the dynamic uncertain problem. Com-
pared to two-way decisions,sequential three-way decisions can address the balance of cost of decision result and cost of
decision process effectively when information is insufficient or evidence is inadequate. Based on the study of the multi-
level granular structure,the processing objects of multiple selections and the diversified cost structure, this paper pro-
posed a generalized sequential three-way decisions model under decision-theoretic rough sets. This model considers se-

ven different methods to process objects at each level. Finally.experiments were conducted to analyze the efficiency and

performance of seven approaches in the proposed model.
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Fig. 1 Trisecting and acting framework of three-way decisions
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