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Fast and Robust LOG-FAST Corner Algorithm
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Abstract Based on time-efficient FAST algorithm, the paper described a fast and robust LOG-FAST corner algorithm,
Histogram equalization as one kind of image enhancement was firstly applied to the original image for sharpening useful
image information and improving image illumination invariance. Then Laplacian of Gaussian operator was convoluted to
achieve image guassian smooth and edge enhancement,and also suppress noise in the maximal degree, At last, FAST al-
gorithm was applied to produce LOG-FAST corners. The new corner detection algorithm not only features with time-ef-
ficient as FAST algorithm, also has illumination invariant, noise invariant and robust feature. Experiments show that
LOG-FAST algorithm can achieve a detection time 0. 05s on noised images sized with 640 % 480. It has the similar detec-

tion performance on illuminate variant images and has repeatability 98 percent, Due to its excellent performance, LOG-

FAST algorithm can be used in real time video process applications such as intelligent vehicle warning system.
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