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Abstract

convergence of self-organizing migrating algorithm. The key points of OSOMA lie in: 1) the opposition-based learning is

A new opposition-based sclf-organizing migrating algorithm(OSOMA) was proposed to deal with premature

applied to extend the migrating direction and obtain better individual, which maintains diversity of population and im-
proves the convergence speed. 2) the algorithm adaptively adjusts the step to further balance between the ability of ex-

ploration and exploitation capacity. Then, OSOMA is used to solve typical problems and numerical results show the ef-

fectiveness of OSOMA.
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Begin
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end
else //SOMA
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end
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end
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end // while
end //for
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end
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