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Abstract In order to further enhance the accuracy and efficiency of Web information extraction, for the shortcomings of
hybrid method of genetic algorithm and first-order hidden Markov model in the initial value selection and parameter op-
timization, an improved combined method embedded with genetic algorithm and second-order hidden Markov model was
presented. In the hierarchical preprocessing phase, text was segmented hierarchically into proper lines, blocks and words
by using the format information and text features, And then the embedded genetic algorithm and second-order hidden
Markov hybrid model were adopted to train parameters, and the optimal and sub-optimal chromosomes were all retained
to modify initial parameters of Baum-Welch algorithm and genetic algorithm was used repeatedly to fine-tune the se-

cond-order hidden Markov model. Finally the improved Viterbi algorithm was used to extract Web information. Experi-

mental results show that the new method improves the performance in precision, recall and time,
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