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FILiC: A Framework for Interactive Library on CUDA
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Abstract NVIDIA developed the CUDA programming model which provides a way to accelerate more general applica-
tions by GPU. But CUDA threads cann’t access peripherals directly. As far as library functions interacting with periphe-
rals,only ‘printf’ is allowed in CUDA threads by now. We described a framework named FILIiC for interactive library,
which implements I/0 functions in CUDA threads efficiently by interactions between the device and the host. And FIL-

iC is a framework with good scalability - CUDA progammers and compiler developers can use it to design some new li-

brary functions which interact with peripherals for CUDA threads.
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