F39K F2H R Vol. 39 No. 2
20124 2 A Computer Science Feb 2012
T 15 8B B (B F0 38 28 vhu 0 ik AR o B 485 5 48 T 2 %

B i &= W HBEE
(FHBEIAF UMM ELS TRFER 1M 510640)

B E MHEERRBFTIANEY U XA Bk, HTHHERBRTLHLF, FEAHETRITEAGKN,
RETEATHRREAREP SHRAMEFT LN E, 4. EXRBLARHHFEMEL &, R IE L& KK
(ROIs), 5 B3t H ROIs 97 S48 R EHAEASBAAE, R R, B4  RA PSR RAKXIES, 5 ROLs 347
Sk, FHRERAN MR L R GEITAR RIS KL E L T Aosb b LY,

KRRA WEF,HHRMEBEP RN, RXES

FEZES#E TP39L 41 XERIRE A

Pulmonary Nodules Detection Algorithm Based on Local Threshold and Iterative of Clustering Center
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Abstract Lung disease is usually showed in the form of pulmonary nodules. In order to diagnose lung disease, pulmona-
ry nodules must be detected accuratly. This paper proposed pulmonary nodules detection algorithm based on local
threshold and iterative of clustering center. First, local algorithm was proposed for extracting interested region(ROIs) in
lung parenchyma image. Morphological features, gray features and texture features were calculated in interested region
(ROISs). Second, rule, iterative algorithm of clustering center and Euclidean distance were used to classing ROIs. Experi-

ment results show that the proposed algorithm can better detect isolation nodules, low contrast nodules and nodules

which adhere to lung wail.
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