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A Kind of Pattern Matching Method of Mass Rules
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Abstract Based on requirement of a large sale of rules information processing, a pattern matching methods of mass
rules was proposed. Mass rule pattern matching based algorithms steps and all kind of rule nodes” matching processing
methods were researched in order to improve processing efficiency. Finally, mass rules pattern matching methods’ chara-
cteristics were summarized. Mass rules pattern matching methods extended the existing mass rules pattern matching

processing pattern and proposed new processing method. Comparative results show that the method has good effect.
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