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Saliency Object Detection Algorithm Integrating Focusness Feature of Frequency Domain Information
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Abstract Since visual attention prediction can locate the salient area of image quickly and accurately,in this paper, the
frequency domain information of visual attention was integrated into the saliency object detection,to detect the saliency
object effectively in the complex scene. Firstly, the improved frequency domain detection method is used to predict the
visual attention of image,and the frequency domain information is blended into Focusness feature to calculate the fre-
quency domain information focusness feature, which is combined with the color feature to generate the foreground sa-
liency map. Next, the RBD background is optimized to generate the background saliency map. Finally, the foreground sa-
liency map and background sa-liency map are fused to generate saliency map. A large number of experiments were car-
ried out on two challenging datasets(ESSCD and DUT-OMON) , and the results were evaluated by PR curve, F-Measure
and MAE. Experimental results show that the proposed method is better than HFT, PQFT, HDCT, UFO, DSR and
RBD,and it can deal with the images with complex scenes.
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Fig. 1 Flowchart of proposed saliency object detection algorithm
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