Fal FEoW woE MR %
L Vol. 44 No.
2017 4£ 9 A COMPUTER SCIENCE gmjggg

ETU#HT BFREBENESHEEEHR

BT #EFEF AEL? FRESR?
(EREPE AFITENBFERAER  F K 400065)!
(PEREREXGZEEEBERFRE  FJK 400714)?

W OE ATHRGETRFRIALEEKPASAEZAANESBE P4 BRI P ME, R ET RSP E
F R M H 3k (BPNN-EKF) £ 3 B A5 B2 R KA., 4 EKF S ATAR Y AR E X LA LB otk b
ITRIRFEARBEMGLSH, ABHF4 EKF TR R G R R LA R % R 6912 £ 2 P8, 4 A4 2 M &6
FE B AT AR ) Ao B € B AL 3T AR EKF 89 4% 3 RS AT AME , B BB DR B ok R BIR £ 8 B ARAE A6 Bl , A
MR BHRMAE A, ALK EY,BPNN-EKF H $ A EAAMEASBERENORILEZEHA.

KB FETREZERS L58EN %, F41A% BPHE2AL

hEESEE TP391 SCHkARIAEG A DOI 10. 11896/j. issn. 1002-137X. 2017. 09. 042

Research on Attitude Algorithm Based on Improved Extended Calman Filter

FENG Shao-jiang! XU Ze-yu® SHI Ming-quan’ WANG Xiao-dong?
(College of Computer Science and Technology, Chongging University of Posts and Telecommunications, Chongqing 400065, China)!
(Research Institute of Chongging Green Intelligent Technology,Chinese Academy of Sciences, Chongqing 400714 ,China)?

Abstract In order to solve the problem that standard extended Kalman filter (EKF) in the multi-rotor UAV attitude
solver has lower accuracy, an improved extended Kalman filter algorithm (BPNN-EKF) was proposed to improve the
accuracy greatly, EKF prediction model parameters require the presence of priori known properties, but in engineering
practice it is difficult to obtain accurate parameters, And nonlinear systems using linear model will cause error problem
for standard EKF. Aiming at above problems, we used nonlinear mapping ability of neural network and adaptive ability
to compensate the estimated value of the standard EKF, reduce the impact of the model as well as filtering parameters
error for optimal estimates, thereby enhancing optimal estimation accuracy. The simulation results show that BPNN-
EKF plays a significant role in improving multi-rotor UAV attitude solver accuracy.
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