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Application of PSOEM-LSSVM in Medium and Long Term Power Load Forecasting

DUAN Qi-chang ZHOU Hua-xin ZENG Yong ZHANG Guang-feng
(College of Automation,Chongging University , Chongqging 400044 ,China)

Abstract For medium and long term power load forecasting, considering the factors affecting medium and long-term
power load, a method based on the particle swarm optimization with Extended Memory (PSOEM) and Least squares
support vector machines(LSSVM) was proposed for medium and long -term load forecasting. PSOEM has more exten-
sive capability of global optimization than PSO owing to higher accuracy and convergence rate, so it is used to optimize
the parameters of the LSSVM, and obtains an optimum PSOEM-LSSVM model to forecast the load. An example simula-
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tion shows that this method can offer a higher precision and speed of forcasting than several other methods.
Keywords Medium and long term load forecasting, PSOEM, LSSVM
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1997 316.1760 424.8 7.05 23. 95 27,1880
1998 374.4048 426.0 7.10 23,83 30. 5533
1999 405.1348 427.6 7.37 23. 47 35. 6680
2000 436.1784 427.8 7.43 23.33 39. 8876
2001 465.0548 430.0 6.93 23.27 43, 5769
2002 509.9332 4317 7.23 23. 60 44,3338
2003 569.0944 431.4 7.97 23. 20 44,5311
2004 628,9136 431.0 8.13 23.77 54, 4839
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2006 828.2988 432.0 6. 80 23. 60 85. 3555
2007 1013.6760 432.2 7.00 25.43 104, 7661
2008 1197,0340 432.3 7.15 23. 90 123. 6139
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