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Abstract In the Lattice-valued information system, the concept of knowledge rough entropy, rough set rough entropy
and uncertaint measurement is introduced,and the important properties are obtained. In this paper,it is proved that the
knowledge rough entropy increases monotonically when the particle of the knowledge increases and the classification of
the information system becomes rough, Further, by discussing the relation between them, the rough entropy of rough
sets can be more accurate to measure the degree of rough sets. These conclusions lay a theoretical foundation for the

knowledge discovery of Lattice valued information systems.
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