Fa0E B

&

A A

20134 7 Computer Science

an

July 2013

B B G451 A SR 5 T AR

REERY TR B B BIER XEHE
(REBHELAEITXN EI13610000 (F_WEITHAF 402 F TWH 710025)?
(B REBEFETEGER RN 430012)° (REBEEAEMIK  #EAM 363100)*

B OE ANuSSTAAERTRELTRGERE, R —HETREESSRIG b R %, FARA
ETHERETAG A SN L EHATHEERE; B ESAABOALRIT TR L REBAFEST ARG &
KA EF 6, k8 5 BB ARBERN; T EREERBE T LG BLBP L FeimRAFEFE ; REHEHALL
LRBGRIEEN T H ARG BT B L BAAA L5 B AT, Mk 512 ey UBLBP RE#E T, ¥4
B RERBREAT R EAFHIELLR, FREREN, X BT AL T Lk BG4S AR 5 T e oF &4
SIFT Mk R A & 6y B4 DL fie &, 4R 48 KA AY MR 6 M A IE A,

R LoshEAE, TILEER,CSS A SR, B i S X

FEESHES TP391 CREBRIARD A

Edges Description and Matching Algorithm for Different-source Images
ZHU Ying-hong"? LI Jun-shan? YANG Wei® YANG Ya-wei’* ZHU Yijuan*
(Xiamen Regiment, Fujian Division of the Chinese People’s Armed Police Force, Xiamen 361000, China)!
(402 Depart, Second Artillery Engineering University,Xi’an 710025, China)?
(Engineering Support Depart, Second Artillery Command College, Wuhan 430012, China)?
(Zhangzhou Regiment, Fujian Division of the Chinese People’s Armed Police Force, Zhangzhou 363100, China)*

Abstract A point matching algorithm based on edges of key points region was proposed to resolve the problem of IR
and visible images matching. Firstly, the feature points were extracted by the CSS corner detector. Edges of key points
region were reconstructed. Secondly, the normal direction of each feature point on the curve was adopted as the main di-
rection of the point, making the point descriptor rotation invariant, Thirdly, through calculating the B-LBP weight histo-
gram in interesting points’ neighborhood, the nearest feature point of each extracted one on the same edge was searched
and the histograms of edge pixels of the two key points region were constructed. Then a 512-dimentional UB-LBP joint
descriptor combining with two histograms was constructed and normalized. Finally, the feature matching was realized

via the nearest neighbor algorithm. Experimental results show that the proposed algorithm can match the feature points
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in the IR and visible images more efficiently than the original SIFT,
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