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Abstract Feature selection is an essential step to perform cancer classification with DNA microarrays. Rough set theory
has already been successfully applied to gene selection. To avoid losing information by discretization of continuous gene
expression data in rough set theory,the theory of fuzzy rough sets is applied to gene selection, A fuzzy rough attribute
reduction algorithm based on mutual information was proposed and applied to gene selection. The cost of computation of
the algorithm is too high to be carried out if the number of the selected genes is large. This paper raised an approximate
replacement of computation of the mutual information, from both maximum relevance and maximum significance. The

novel method improves the efficiency and decreases the complexity. Extensive experiments were conducted on three pub-

lic gene expression datasets. The experimental results confirm the efficiency and effectiveness of the algorithm,
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VT SVM 97.1%  95.3%  97.6%  93.4%
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B 1NN 83.8%  84.2%  85.7%  85.3%
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WRSFEFEMHERK. B TEBLXEBEBRTRE R
B, LR Y K B 4 B, TR R K2R R
WHERE, THESGHE RN REHEZT 10026, HKX
B ERT, R R T . Wl ik 58k Bk B
RTENZE AR,

g b, REAAFMER LB, ERRNZS.
MEREERE, #K A INN 5545288, RAM K Colon A
SEEHBUHEEHFENR —%, BEHBEESE L, &4
a7 B A D9 A S ME A R L LB ARSI, (A A K, X AT BB
EAHBEERREREST OXHEEARKRELWE, B
WRFEBGE . TGS R RURE R Oy Bk R AN & O i, AR %t
HERREEBRHAIT T ER B, X0 T RAEHE, TR
HIEBARER R . BTN X B EH R
WEHAT TN LA H, B THEEEBAIBRFHEESE
&K, RILE SR AREME B, A2 687 HOMDRE 58 v B
2 R 2 R T

3 6 FTLUE 0, TSRS h ik 0 BN R S
BB EN , AR R REEREN AR, AE
R SVM fE 425 881t, 7£ Colon 1 Breast ${i4 B4
F: IR B E B A 2R R RS I T RO R SR IR U LR 4,

R TR E RS 5 RE T EE S AN
BRBHEARNBEZRIGEAERERL, SEBERZERK,
K SVM 1E4> 25888, 7£ Colon I Breast $#E4E b 45508
HERTERI R SR 7 s IR UL DR 5 LR BRI U R R 26
HHRERTRR.

X Leukemia B8R U, SR I B — ik 39 0 2B R
LI EREE (38 PR YIS B R RA 34 MR TIR K
SYRWERER.

ERER R, RIS E L BN R R B ER,
AR ERRIEERN SRS, 3 SN REE S
Tt THBEEEBALENFEEER, RIVIHERER 5
EHERTHBE S LENER . SEEMEBRRARER
TEEEBRMEE, FEMERRMERASLBRRSEY
BRBUEFRA SRR BHEAKR, HHEH SVMES
HBE, F BRI REEBE I L E R RRER
HER SRR,

SRiE ETEREBERDERERIEL & kT i
HEEEEF T BB R, R TE B8R, AmnHxt
FETHESHELBEAR PR EENERNABIFHER
H, R ETEGEBNENEE R AR ST RN
BE, NS ERA T EEEN, R EEELHR. B
I, A5 30 BAR B BT R KA Stk S5 B R S MR O T
B, RBATEUSROTE, KRB THELEREHR
#ro KWEREATX—FLHELRVFHETEEEN
AR R R EAR B WER S EBRIMNER
SRREFRABHGE, L H B SVM 1B 2886t , 0 28 H
RYRARWPERES . XEAFHFERABRMAEH
R RBFHGIRIERE. R, REEM AL B P RFRHFR
BRI FE U KR RSN RS R AT —ER
B, LRPERYREEREA—SEREN, XHRERMN
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