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Abstract According to the Chinese word syntactic function distribution, the paper constructed syntactic function distri-
bution knowledge base based on Tsinghua 973 treebank. The Chinese word category knowledge was mined by using the
CABOSFV(Clustering Algorithm Based On Sparse Feature Vector) based on syntactic function distribution knowledge

base. The Chinese word categories were analyzed one by one,
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3 CABOSFV BEEZ B LMk

CABOSFV BT 8 KT 25 W R4 8k, B 7E 42
H T — 4 H BHES Sparse Feature Vector A LA1H8] CABOS-
FV B—REET M B R ERES.

RS HERL |, CABOSFV 588 T %t B2 b i M1 {0l
B35 . Sparse Feature Vector (R B TREESHHLBH
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