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Novel Domain Transfer Learning Approach Using Minimum Enclosing Ball

GU Xin WANG Shi-tong
(School of Digital Media, Jiangnan University, Wuxi 214122, China)

Abstract Traditional machine learning methods assume that different learning tasks have nothing with each other, but
in fact there are some links between them. Transfer learning attempts to use these links and even past learning experi-
ences between different tasks to accelerate the learning for new tasks. This paper integrated the MEB (Minimum enclo-
sing ball algorithm together with Parzen windows probability estimation to develop a new transfer learning method
named MEBTL (Minimum enclosing ball Transfer learning). We also used CVM (Core Vector Machines) theory to de-
velop its fast version of the proposed algorithm CCMEBTL for large domain adaptation. The experimental results about
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“WIFI indoor positioning” and “face detection” indicate the effectiveness of the proposed algorithm.

Keywords CCMEB, Data correction, Transfer learning, Domain adaptation
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BAR AR .

F7 ARARBREEREER

‘ﬂﬁ‘i/ 1.bmp 2.bmp 3.bmp 4.bmp 5. bmp 6.bmp 7.bmp 8. bmp

1. bmp :'_5134 4.57  3.44 4,72 1110 13.79 12.86 14,87

2.bmp 4, 5705 2.24 1.26 10.92 12.42 13.20 16.52

3.bmp 3.44 2.24 :'_5154 2,51 10.83 12.70 12.94 15.68

4.bmp 4.72 126 251 e9—‘—7114 11,59 13.11 13.94 16.93

9.23

S.bmp 11.10 10.92 10.83 11.59 e—14 516 511 774

6.bmp 13.79 12,42 12.70 13.11 5.16 6.38 8,70

7.bmp 12.86 13.20 12.94 13.94 4.70 6.38 e8'_8174 8.32

8. bmp 14.87 16,52 15.68 16.93 7.74 8.70 8,32 0.10e—14

Wil 7 MR LE B, I AEBE R TFEHRROHE
B /N FARRIRFREZ R BERORE, BIE — A ARE
BRREEH BN TFARAMAREGIREIE. ERBEREE
BRBCIT Pk BER ) ST 2 1B B A R, BA BT R B 3B
Rit .

B3R A0k MEB,CCMEB Bt 5 F7E £ B2 I B
b, RET MEBTL 83 CCMEBTL Bk, £ R®EI
BRER-ArE bR T 88 2 3 B SRR B ARG R, 3
EHRAFRZ M ENTRER . BEEM HRAFBOERLE
H AT RBAR R B EMRIE. A THERAREERESE
ER,5IAT CVM.CCMEB #it, ABENELRAAZBIET
BB EPEE. P48 A SRR FTRA
BRI Z AL dnfaris 30 T BB A R A BaE E R RBRATT
—HHAREN.
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