$£40% Foy it B O OB % Vol. 40 No. 2
201342 B Computer Science Feb 2013
ETiEMBHERBXRZBIERYENETRMGEZ

KEBRE ZHE SRR’ kXE® kT

(AFIBFEARAAF¥EFEREETEER #HHEH 125105)!
(R AFEERNSE TR/REE KM 1108197 (LABHAASRESEE TESEE %5 2501013
B OE AAZRAY, —RAARPBOAENBERS EAAERB T AfR—RAL, BT HAFELERE
FHAEREERE,RET A TFEMBREMG BN ERE TR, BFEAT—RENBASHBRE, K
FA LB AR R B 18] 60 S AR R R R IR AR S AL A A K AR, b A E AR
BELIBANLRRRE, TRERPOFAR R EOERRERE SRRSO TERLEZRB PO ERE
BRI AARFORT PR SOIITHE,
X@E £ AR, EMBEIRM, BERE , F TR SR
hEES S TP391 XHEKERIREE A

Attribute Weight Evaluation Approach Based on Approximate Functional Dependencies
ZHANG Xiao-yan' MENG Xiang-fu' MA Zong-min’ ZHANG Wenrbo? ZHANG Xiao-peng®
(College of Electronic and Information Engineering, Liaoning Technical University, Huludao 125105, China)!
(College of Information Science and Engineering, Northeastern University, Liaoning 110819, China)?

(School of Information and Electrical Engineering, Shandong Jianzhu University, Jinan 250101, China)?

Abstract In real applications, the normalization of some relational data is unreasonable and thus leads to the problems
of data redundancy and inconsistency. In order to automatically evaluate the attribute importance of this kind of relational
data, this paper proposed an attribute weight evaluation approach based on approximate functional dependencies. Based
on the concept of the agree set, the maximum set is exported,and the minimum nontrivial functional dependence sets are
generated consequently in order to find the approximate dependence relations, thus the approximate key and approxi-
mate keywords can be found. After this, this approach computes the weight of each attribute according to the supported
degree of attribute. The experimental results and analysis demonstrate that the attribute weight evaluation approach
presented in this paper can reasonably obtain the importance of the attribute in a relation,and the algorithm is stable and
has high performance as well.
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