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Real-time 4K Panoramic Video Stitching Based on GPU Acceleration

LU Jiaming ZHU Zhe
(Department of Computer Science and Technology, Tsinghua University, Beijing 100084, China)

Abstract Virtual reality is a popular technique in recent years,and panoramic video capture is an important way of pro-
ducing the content of virtual reality, In this paper,we proposed a practical system that can stitch 4K panoramic video in
real time, The iﬁputs of our system are 6 candidate videos with ZK resolution, and output is a 4K stitched video. With
the parallelization of the whole procedure, we can efficiently implement the whole system in GPU. Experimental results
show that our system can produce high-quality 4K panoramic video.
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