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Community Discovery in Location Network
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Abstract The location network can portray the spatial structure of city from some unique perspectives. By studying the
characteristics of urban location network and its difference with traditional social network,a community discovery algo-
rithm based on location network was proposed. The algorithm takes into account the proximity of location,the connec-
tion between the locations and the similarity of user’s travel behavior. Firstly. the initial community is divided. Then, the
extent of each site belonging to this community is interatively calculated the places with lower membership degree are
adjusted until convergence, so as to find significant urban communities. The validity of the algorithm was verified by
analyzing the attributes and correlations of the internal sites.
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Fig. 1 Example of user travel
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Fig. 2 Initial community generation map
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Table 3 Function distribution of community node
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Table 5 Classification of land types in community
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