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Abstract In order to improve the performance and the precision of bat algorithm(BA),an adaptive bat algorithm with
dynamically adjusting inertia weight(DAWBA) was proposed. Inertia weight which obeys the uniform distribution and
beta distribution in the iteration formula is added into the algorithm, thus accelerating the convergence speed. In addi-
tion, we introduced a speed correction factor and used it to constraint the step of bat dynamically, which provides the al-

gorithm with effective adaptability. Simulation results show that the performance of DAWBA is significantly improved.
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