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Abstract Grid service scheduling algorithms are kernel technique in task management system of computing grid. Using
a grid service deployment agent technology based on the fuzzy-PID feedback control model,a new grid service deploy-
ment agent technology was put forward for solving the uncertainty in task scheduling of the computing grid. This me-
thod fuses the fuzzy theories and PID technology. Theory analysis and numerical experiment illustrate that this method
can express the dynamics and uncertainty of expected time to compute of tasks and bring the dummy executing compe-

tence into play in the computing grid environment, they are the generalization of traditional grid scheduling algorithms.

At the same time,it can afford the balanced bandwidth, delay and reliability.
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{
Get MissRatio(k) during last sampling period kW
e(k) = MissRatio(k) —Ms;

cell) = e(k)—:;fk-—l)
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if((abs{e(k)) < Mihreshota) {/ * PID control function, abs(e(k)) is

the absolute value of e(k) * /
AResource(k) = Kpe(k) + K]%(&(i) + Kp ce(k);

} else {/ * fuzzy control x /

Get the (k) and cé(k) by fuzzier;

Get the output value a(k) by looking up in the fuzzy decision con-
trol table using the inputsé(k) and cé(k);

Get the AResource (k) by domain transformer using the input @
s

}

Call the service level controller and the admission controller to tune

the manipulated variable;

}
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