B B
2017 4E 5

w

L4 N

7 ¥
COMPUTER SCIENCE

am

May 2017

Vol. 44 No. 5

& T EEG By it EEMD 5%

HWE HWE H R BSME X &
(e kFaFHEE TRZR w8 210003)

B E HTARRAEBARAFMENERBEEFTUAR, BB T —FR O ES2BRESME %, ¥kt
BT ST AR AN A ARG BIEARMRBRE T FHAMLERES RO BHMHORFERN VBB TR R
BEETHRFRITELCRBESM, HAZRAN, HABETRERAA QELRE, & BT L4508 2 56
BEBREEIBTOBARE VM, ANLIER T HE R ARG RARGERF AN,

X@E LOZBHASM BARE HYRA T4

mEZFSZES TN 71 PRI A POI 10. 11896/j. issn. 1002-137X. 2017. 05, 012

Improved EEMD Algorithm Based on EEG Signal
HUANG Li-ya DA Cheng-lu YANG Chen CHEN Zhi-yang WANG Hao

(College of Electronic Science and Engineering, Nanjing University of Posts and Telecommunications, Nanjing 210003, China)

Abstract  In order to effectively improve the mode mixing problem for EEG study, a modified EEMD algorithm was
proposed to adapt to the brain signal research. Firstly, We screened out the EMD results based on correlation, then
adaptively predicted the EEG signal characteristics from the original brain signals, and fused the property of white
Gaussian noise to generate new noise brain signal. Finally, based on the new noise, the EEMD was performed. The ex-
perimental results show that the new brain signal is not only adaptive, but also can solve the mode mixing problem of

brain signals in EMD better, proving the theory and the application value of the improved algorithm in EEG study field.
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