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Abstract Melody is one of the most important elements of music, with many direct and indirect applications in music
content analysis, music creation, music education and protection of music intellectual properties. Main melody extraction
aims to produce a sequence of frequency values corresponding to the pitches of the dominant melody from a musical re-
cording. Due to the complexity and specificity of pop music, main melody extraction from pop music turns out to be

highly challenging. This paper reviewed research works of main melody extraction, classified and summarized the methods

used for main melody extraction. Finally, evaluation methodologies for main melody extraction were presented,
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