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Abstract Traffic flow prediction has been one of the core problems in urban transport system. Accurate and efficient
traffic prediction can effectively support the urban transportation planning, effectively reduce traffic congestion and the
waste of resources and emissions. The accuracy of vehicle traffic forecast is also closely related to the residents’ travel
quality. However, traffic is affected by many uncertain factors that has a certain degree of uncertainty, randomness and
gray. The data from city intersection traffic monitors also has a certain degree of loss and deviation. Simplely, accurately
and efficiently predicting traffic is a problem., Using the data from monitors, through the prediction value of GM (1,1)
model comparing with real value to compute residual, using residual to modify computing model to get modified GM (1,1)
model, multiple iterations are used for the same data set,and the final results are stable and superior to the classic GM
(1,1) model. Experiments show that compared with the classic GM (1,1) model, the improved GM (1,1) model to get
the predicted values is more close to the real value, With the complexity of the classical algorithm, the calculation accu-
racy is improved to some extent.
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