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Muiti-focus Image Fusion Using Adaptive Region and SCM Based on NSST Domain
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Abstract In order to improve the fusion effect of multi-focus image, combined with the shared similarity among multi-
ple source images,a new image fusion algorithm based on adaptive regions and spiking cortical model (SCM) of nonsub-
sampled shearlet transform (NSST) domain was proposed. First, NSST is utilized for decomposition of the source ima-
ges. Then by calculating the energy of edge(EOE), the low frequency coefficients are fused by weight votes in adaptive
regions. And the high frequency coefficients is fused by fired map of SCM which is motivated by EOE, Finally the fusion
image is gained by inverse NSST, The algorithm can both preserve the information of the source images well and sup-
press pixel distortion due to nonlinear operations in transform domain. Experimental results demonstrate that the pro-

posed method outperforms the state-of-the-art transform domain and pulse coupled neural network (PCNN) fusion

methods.
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