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Abstract Monitoring system has become one of the most important means for perimeter intrusion detection. But most

of the existing monitoring systems are passive surveillance. In this paper,a method for active perimeter intrusion detec-

tion was proposed by identifying human targets in video images captured by monitoring systems. In order to enhance the

robustness of different environment, this paper identified an improved convolution neural networks to realize an effective

detection of human bodies with multiple postures captured by fixed cameras. Depth and shallow information are used to

describe the pedestrian, so that it can improve the precision and robustness. Then, Softmax is used for classification. The

experiment results confirm that the proposed algorithm has higher recognition rate for detecting human targets, which
achieves recognition accuracy of 98. 82% on INRIA database, 99. 82% on NICTA database, 94. 5% on CVC database

and 99. 92% on Daimler database, respectively.
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